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Performance Comparison of Machine Learning Models for Prediction
of Fine Dust Concentration
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Model MAE MSE RMSE R®
SVM 423 3237 569 0.75
RF 4.24 3374 531 0.74
GBM 407 “31.25 5.59 0.76
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X 3 71E HAEA 43S AT A
Model Outcome Literature
SVM RMSE = 12.29 Kim et al.[3]
RF MAE = 448 RMSE = 6.12 Shim., S[4]
GBM R? = 0654 Suh.,, K[5]
XGBoost RMSE = 641 Won et al.[6]
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